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Abstract 

Enterprise tax systems continue to face challenges 

associated with fragmented data, manual processes, 

regulatory complexity, and limited real-time visibility. 

This research evaluates AI-enabled transformation 

frameworks for enterprise tax modernization through 

secondary research analysis. The study examines AI 

capabilities, intelligent integration approaches, 

governance requirements, and future transformation 

opportunities. Findings highlight that AI can improve 

automation, accuracy, compliance efficiency, and 

strategic decision-making when supported by effective 

integration and governance mechanisms. The research 

contributes a conceptual understanding of intelligent 

tax ecosystems and provides insights for responsible 

enterprise AI adoption. 

Keywords: Artificial Intelligence, Enterprise Tax 

Systems, Intelligent Integration, Regulatory 

Compliance, Digital Transformation, Tax 

Governance. 

I. INTRODUCTION 

Background 

Enterprise tax management has traditionally relied on 

manual processes, spreadsheets, and periodic 

compliance reviews, creating limitations in accuracy, 

efficiency, and real-time visibility. Increasing 

multinational operations and complex regulatory 

requirements have intensified tax management 

challenges [1]. Consequently, organizations are 

adopting artificial intelligence-enabled transformation 

approaches to improve automation, data integration, 

compliance monitoring, and strategic decision-making 

within enterprise tax environments. 

Research Context 

The evolution of enterprise tax systems reflects a 

transition from traditional manual approaches toward 

intelligent digital platforms capable of automated 

processing and regulatory analysis [2]. Enterprise 

resource planning (ERP) integration, intelligent 

automation, and regulatory intelligence have become 

essential components for modern tax management [3]. 

These technologies enable organizations to improve 

information flow, enhance compliance capabilities, 

and support more proactive tax decision-making. 

Research Problem 

Enterprise tax functions continue to experience 

challenges due to fragmented data sources, 

disconnected systems, and limited real-time 

compliance visibility [4]. Although AI-enabled 

frameworks provide opportunities for improving tax 

operations, organizations face difficulties in adoption, 

governance, and integration with existing enterprise 

platforms [5]. Furthermore, limited research exists on 

comprehensive approaches that evaluate AI 

transformation across technological, regulatory, and 

organizational dimensions. 

Research Aim and Objectives 

Research Aim 

The aim of this research is to evaluate AI-enabled 

transformation frameworks for enterprise tax system 

modernization through secondary research analysis, 

focusing on intelligent integration, regulatory 

compliance, and organizational transformation 

implications. 

Research Objectives 

● To examine the role of artificial intelligence 

in enterprise tax system modernization. 

● To analyze intelligent integration 

approaches supporting AI-driven tax 

transformation. 

● To evaluate regulatory, operational, and 

governance challenges associated with AI 

adoption. 

● To develop a conceptual understanding of 

future AI-enabled enterprise tax 

transformation. 

Novel Contribution 

This research contributes a conceptual evaluation 

framework for understanding AI-enabled enterprise 

tax transformation through secondary analysis. Unlike 

existing studies focusing on individual technologies, it 

integrates intelligent integration, regulatory 

intelligence, governance, and organizational 

perspectives [6]. The framework provides strategic 

insights into how enterprises can modernize tax 
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systems while addressing compliance complexity and 

transformation challenges. 

II. RELATED WORK 

Exploring artificial intelligence capabilities for 

transforming traditional enterprise tax management 

processes 

 
Fig. 1. Artificial Intelligence and Tax Compliance 

Enterprise tax management has historically depended 

on manual processes, spreadsheet-based calculations, 

and periodic compliance reviews, resulting in 

inefficiencies, limited scalability, and increased 

possibilities of human error [7]. Recent digital 

transformation initiatives have encouraged 

organizations to adopt artificial intelligence (AI) 

technologies to enhance tax accuracy, automation, and 

decision-making capabilities [8]. AI-enabled tax 

systems provide opportunities for automated 

classification, anomaly detection, predictive analysis, 

and improved compliance monitoring [9]. However, 

existing literature indicates that AI adoption in tax 

functions remains uneven due to technological 

complexity, data limitations, and organizational 

readiness issues [10]. While AI can enhance 

operational efficiency, researchers highlight that 

successful modernization requires alignment between 

technological capabilities, regulatory requirements, 

and enterprise strategies rather than isolated 

technology implementation [11]. The application of 

Agentic AI methods for fraud detection with an accent 

on autonomous agents, adaptive learning, intelligent 

financial security systems [12]. It gives the main 

advantages, difficulties, and further research 

opportunities in AI-related fraud prevention systems 

[41]. The study focuses on how Large Language 

Models can be used to identify fraudulent financial 

transactions by analyzing patterns [42]. It emphasizes 

the LLM functions of enhancing fraud detection, 

automation and decision support. 

Analyzing integration approaches enabling AI-

driven connectivity, automation, and improved 

enterprise tax system performance 

 
Fig.2. AI in Automated System Platforms 

Intelligent integration has become a critical 

component of enterprise tax transformation by 

connecting financial systems, enterprise resource 

planning (ERP) platforms, regulatory databases, and 

analytical tools [13]. Traditional tax systems often 

operate as independent applications, creating 

fragmented information flows and reducing visibility 

across business functions [14]. AI-driven integration 

frameworks address these limitations by enabling real-

time data exchange, automated processing, and 

improved information consistency [15]. Existing 

studies emphasize that ERP integration provides a 

foundation for intelligent tax operations by 

consolidating financial information and supporting 

continuous compliance activities [16]. However, many 

current approaches focus primarily on technical 

integration rather than considering strategic, 

governance, and regulatory perspectives [17]. 

Therefore, a comprehensive understanding of 

intelligent integration is required to evaluate how AI 

can support sustainable enterprise tax modernization 

[18]. 

Evaluating regulatory, operational, and governance 

barriers influencing successful artificial intelligence 

implementation in tax environments 
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Fig.3. AI-based Governance Framework 

Although AI presents significant opportunities for tax 

transformation, organizations encounter several 

regulatory, operational, and governance challenges 

during adoption [19]. One major concern is the 

transparency of AI-generated decisions, particularly 

when tax outcomes influence financial reporting and 

regulatory compliance [20]. Explainability and 

accountability mechanisms are therefore essential to 

ensure that AI-supported tax decisions remain 

understandable and auditable [21]. Additionally, data 

quality issues, cybersecurity risks, and inconsistent 

regulatory environments create barriers to effective 

implementation [22]. Existing research suggests that 

organizations must establish strong governance 

structures, including human oversight, ethical 

guidelines, and compliance controls, to manage AI-

related risks [23]. However, previous studies often 

examine these challenges separately, creating a limited 

understanding of how technological and governance 

factors interact within enterprise tax environments 

[24]. 

Developing conceptual perspectives for future 

intelligent enterprise tax systems through strategic 

AI transformation approaches 

 
Fig.4. The transformative power of artificial 

intelligence in entrepreneurship 

Future enterprise tax systems are expected to move 

beyond automation toward intelligent platforms 

capable of continuous monitoring, predictive analysis, 

and strategic decision support [25]. Emerging 

concepts such as knowledge-based systems, 

regulatory intelligence, and AI-driven enterprise 

architectures provide opportunities for developing 

more adaptive tax ecosystems [26]. Literature suggests 

that future frameworks should integrate technological 

innovation with governance principles to achieve 

reliable and responsible AI adoption [27]. However, 

existing research lacks a holistic perspective that 

combines AI capabilities, integration mechanisms, 

regulatory intelligence, and organizational 

requirements into a unified transformation approach 

[28]. This limitation highlights the need for conceptual 

frameworks that explain how enterprises can 

strategically adopt AI-enabled tax systems while 

maintaining compliance, transparency, and 

operational effectiveness. paper discusses the use of 

Large Language Models in detecting financial fraud, 

specifically, the opportunities associated with 

advanced transaction analysis and automated detection 

of suspicious transactions [29]. It presents the pros and 

cons of LLC and the opportunities of the future in 

enhancing the system of fraud prevention. 

Research Gap 

Existing literature provides valuable insights into AI 

applications, digital tax systems, and enterprise 

automation; however, limited research evaluates AI-

enabled tax transformation from an integrated 

organizational perspective. Previous studies mainly 

focus on specific technologies or individual tax 

processes rather than examining the combined 

influence of AI capabilities, intelligent integration, 

governance requirements, and future transformation 

strategies [30]. Therefore, further conceptual 

investigation is required to understand how AI-

enabled frameworks can support comprehensive 

enterprise tax modernization [31]. This research 
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addresses this gap through secondary analysis by 

evaluating existing knowledge and developing broader 

insights into intelligent enterprise tax transformation. 

III. RESEARCH METHODOLOGY 

Research Philosophy 

This research adopts an interpretivist philosophy 

because the study aims to interpret and critically 

understand existing academic and professional 

knowledge related to AI-driven enterprise tax 

transformation [32]. Interpretivism is appropriate for 

analyzing complex organizational phenomena where 

technological adoption, regulatory requirements, and 

governance practices require contextual evaluation 

rather than numerical measurement [33]. The research 

focuses on understanding patterns, relationships, and 

strategic implications identified from secondary 

evidence. The interpretive analysis can be represented 

conceptually as: 

𝐴𝐼𝐸𝑇 = 𝑓(𝑇𝐶, 𝐼𝐺, 𝑅𝐺, 𝑂𝐶) 

where AIET represents AI-enabled enterprise tax 

transformation, TC denotes technological capabilities, 

IG represents intelligent integration mechanisms, RG 

indicates regulatory governance, and OC represents 

organizational capabilities. This equation illustrates 

that transformation outcomes are influenced by 

multiple interconnected factors rather than a single 

technological element. 

Research Approach 

The study follows an inductive research approach, 

where conceptual understanding is developed from 

existing secondary evidence. Unlike deductive 

research that tests predefined hypotheses, an inductive 

approach allows patterns and insights to emerge from 

reviewed literature, industry reports, and regulatory 

sources [34]. This approach supports the identification 

of common themes associated with AI-enabled tax 

modernization, including automation, integration, 

governance, and future transformation opportunities. 

The conceptual development process can be expressed 

as: 

𝐶𝐼 = ∑

𝑛

𝑖=1

𝐸ᵢ 

where CI represents conceptual insights developed 

from the research, Eᵢ denotes individual evidence 

sources, and n represents the total number of reviewed 

secondary sources. This indicates that broader 

research conclusions are derived through systematic 

evaluation and synthesis of multiple existing 

knowledge sources. 

Research Design 

A qualitative secondary research design is adopted to 

evaluate existing knowledge regarding AI-enabled 

enterprise tax transformation. This design is suitable 

because the research does not involve primary data 

collection, experimental testing, or computational 

model development [35]. Instead, it examines existing 

academic and professional evidence to identify 

technological capabilities, adoption challenges, and 

strategic implications [36]. The qualitative design 

enables critical evaluation of different perspectives 

and supports the development of a conceptual 

framework for understanding intelligent tax system 

modernization. 

The analytical relationship used to structure the 

research design is: 

𝑅 = 𝐿 + 𝐴 + 𝑆  
where R represents research outcomes, L denotes 

literature evidence, A indicates analytical 

interpretation, and S represents synthesis of findings. 

This demonstrates how secondary evidence is 

transformed into meaningful conceptual 

understanding through systematic analysis. 

Data Sources 

The research uses multiple secondary data sources to 

ensure comprehensive evaluation of AI-enabled tax 

transformation. Academic sources include peer-

reviewed journal articles and conference publications 

that provide theoretical and empirical understanding 

of artificial intelligence, enterprise systems, and 

digital transformation [37]. Industry reports and 

professional tax technology publications are 

incorporated to capture practical perspectives on AI 

adoption, enterprise challenges, and market 

developments [38]. Additionally, regulatory 

documentation is analyzed to understand compliance 

requirements and governance considerations 

influencing AI-based tax systems. 

The reliability of secondary evidence can be 

represented as: 

𝐷𝑅 = 𝑄 × 𝑅 × 𝑉  
where DR represents data reliability, Q denotes source 

quality, R indicates relevance to the research 

objectives, and V represents validity of information. 

Higher-quality and more relevant sources improve the 

reliability of the research conclusions. 

Secondary Data Analysis Process 

The secondary data analysis process follows a 

structured sequence to generate conceptual insights. 

First, relevant literature is identified based on its 

alignment with AI, enterprise tax systems, intelligent 

integration, and regulatory governance [39]. Second, 

existing AI-enabled tax transformation approaches are 

evaluated to understand their capabilities and 

limitations [40]. Third, different frameworks are 

compared to identify common characteristics and 

research gaps. Fourth, opportunities and challenges 
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associated with AI adoption are assessed from 

technological, operational, and governance 

perspectives. Finally, conceptual insights are 

developed to support a broader understanding of future 

enterprise tax transformation. 

The overall analysis process is represented as: 

𝐶𝐴 = 𝐼𝐿 + 𝐸𝐹 + 𝑂𝐶 + 𝐶𝐼  
where CA represents conceptual analysis, IL denotes 

identified literature, EF indicates evaluated 

frameworks, OC represents analyzed opportunities 

and challenges, and CI refers to developed conceptual 

insights. This structured methodology ensures that the 

research provides a systematic and academically 

grounded evaluation of AI-enabled enterprise tax 

modernization. 

IV. CONCEPTUAL FRAMEWORK 

DEVELOPMENT 

 
Fig. 5. Conceptual Framework  

Purpose of the Conceptual Framework 

The conceptual framework provides an analytical 

structure for evaluating AI-enabled enterprise tax 

modernization by integrating technological, 

regulatory, and organizational perspectives. It explains 

how different components interact to support 

intelligent tax transformation and addresses 

limitations associated with traditional tax management 

approaches. The framework enables systematic 

assessment of AI capabilities, data integration 

mechanisms, governance requirements, and strategic 

decision-making processes. Rather than representing a 

technical implementation model, the framework 

establishes a theoretical foundation for understanding 

how enterprises can adopt AI-driven tax systems 

effectively. The relationship between framework 

components can be represented as: 

where ETM represents enterprise tax modernization, 

DI denotes data integration capability, AI indicates 

artificial intelligence capabilities, RK represents 

regulatory knowledge, GE denotes governance and 

explainability mechanisms, and SD represents 

strategic decision support. This relationship 

demonstrates that successful tax transformation 

depends on the combined influence of multiple 

interconnected layers. 

AI-Enabled Enterprise Tax Transformation 

Framework 

The proposed AI-enabled enterprise tax 

transformation framework consists of five 

interconnected layers. Each layer addresses a specific 

requirement of modern tax management and 

contributes towards creating an integrated, intelligent, 

and governance-oriented tax ecosystem. 

Layer 1: Enterprise Data Integration Layer 

The enterprise data integration layer represents the 

foundation of AI-enabled tax transformation by 

ensuring the availability of accurate and connected 

information. This layer incorporates enterprise 

resource planning (ERP) systems, financial databases, 

and multi-jurisdiction tax information. Traditional tax 

systems often experience data fragmentation due to 

disconnected applications and inconsistent 

information sources. By integrating enterprise data, 

organizations can improve information accessibility, 

enhance processing efficiency, and support continuous 

tax monitoring. This layer enables the movement of 

structured financial information into intelligent 

processing environments. 

Layer 2: AI Intelligence Layer 

The AI intelligence layer provides analytical 

capabilities required for transforming tax operations 

from manual processes into intelligent decision-

support systems. This layer incorporates machine 

learning, natural language processing, intelligent 

classification, and predictive analytics. Machine 

learning techniques support identification of patterns 

and potential risks, while natural language processing 

enables interpretation of complex regulatory and 

financial information. Intelligent classification 

improves tax categorization accuracy, whereas 

predictive analytics supports proactive identification 

of future compliance issues. Therefore, this layer 

enhances automation, accuracy, and operational 

efficiency. 

Layer 3: Regulatory Knowledge Layer 

The regulatory knowledge layer ensures that AI-

enabled tax systems remain aligned with changing 

compliance requirements. This layer incorporates tax 

regulations, compliance rules, and regulatory updates 

to support accurate interpretation of legal obligations. 

By integrating regulatory knowledge with intelligent 

systems, organizations can improve audit readiness 

and reduce risks associated with regulatory changes. 

This layer strengthens the connection between AI-
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driven decision-making and external compliance 

expectations. 

Layer 4: Governance and Explainability Layer 

The governance and explainability layer focuses on 

ensuring responsible AI adoption within enterprise tax 

environments. This layer includes transparency, risk 

management, and human oversight mechanisms. Since 

tax decisions directly influence financial reporting and 

regulatory compliance, AI systems must provide 

understandable and accountable outcomes. 

Governance controls reduce risks associated with 

inaccurate predictions, biased decisions, and 

insufficient regulatory alignment. Human oversight 

ensures that AI recommendations remain consistent 

with organizational policies and ethical requirements. 

Layer 5: Strategic Decision Support Layer 

The strategic decision support layer represents the 

final outcome of AI-enabled tax transformation by 

converting intelligent insights into business value. 

This layer supports tax planning, risk mitigation, and 

business decision-making activities. Through 

improved visibility and predictive intelligence, 

organizations can develop proactive tax strategies and 

optimize financial performance. The overall 

framework follows the transformation pathway. 

 
Fig. 6. AI-Enabled Enterprise Tax 

Transformation Framework 

This progression demonstrates how integrated data 

and AI capabilities can support modern enterprise tax 

systems while maintaining compliance, transparency, 

and strategic alignment. 

FINDINGS AND DISCUSSION 

The findings derived from secondary analysis indicate 

that artificial intelligence (AI) has significant potential 

to transform enterprise tax systems by improving 

automation, integration, compliance capability, and 

strategic decision-making. The analysis highlights that 

successful tax modernization requires a combination 

of technological advancement, regulatory alignment, 

and effective organizational governance. 

AI as a Driver of Enterprise Tax Modernization 

Secondary evidence demonstrates that AI has become 

an important driver of enterprise tax modernization by 

replacing manual activities with intelligent automation 

capabilities. Traditional tax processes often involve 

repetitive calculations, data verification, and 

compliance reviews, which increase operational 

workload and the possibility of human errors. AI-

enabled systems improve efficiency by automating 

classification, data analysis, and compliance 

monitoring activities. 

AI also enhances accuracy by identifying patterns and 

inconsistencies within large volumes of financial 

information. Machine learning and intelligent 

analytical techniques allow organizations to detect 

potential tax risks and improve the reliability of tax 

reporting. Furthermore, AI reduces compliance 

processing time by enabling faster interpretation of 

regulatory information and supporting continuous 

monitoring rather than periodic reviews. The findings 

suggest that AI does not simply replace existing tax 

functions but enhances their capability by providing 

faster, more accurate, and proactive tax management 

approaches. 

Role of Intelligent Integration Frameworks 

The analysis identifies intelligent integration 

frameworks as a fundamental requirement for 

effective enterprise tax transformation. Existing tax 

environments frequently operate through disconnected 

systems, including ERP platforms, financial 

databases, and separate compliance applications. This 

fragmentation limits information accessibility and 

reduces the ability to perform real-time tax analysis. 

Intelligent integration frameworks address these 

limitations by connecting enterprise resource planning 

(ERP) systems with tax management platforms and 

regulatory information sources. Such integration 

improves data consistency, eliminates duplication, and 

enables organizations to access reliable information 

across different jurisdictions. Real-time tax 

intelligence becomes possible when integrated 

systems continuously collect, process, and analyze 

financial information. 

TABLE .1. ROLE OF INTELLIGENT 

INTEGRATION FRAMEWORKS 

Integration 

Component 

Strategic Impact 

ERP connectivity Creates unified financial 

information flow 

Data integration Reduces fragmented tax 

information 

Real-time 

processing 

Supports continuous 

compliance monitoring 
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Intelligent 

platforms 

Improves tax decision support 

The findings indicate that integration acts as the 

foundation for AI-enabled tax transformation because 

advanced analytical capabilities depend on accurate, 

accessible, and connected enterprise data. 

Regulatory Compliance and Governance 

Implications 

The findings highlight that regulatory compliance and 

governance remain critical considerations in AI-

enabled tax transformation. Although AI improves 

efficiency and analytical capabilities, organizations 

must ensure that AI-supported decisions remain 

transparent, explainable, and aligned with regulatory 

expectations. Lack of transparency can create 

difficulties in understanding how AI systems generate 

tax recommendations, particularly during audits or 

regulatory reviews. 

AI adoption also introduces regulatory risks related to 

data security, incorrect interpretations, and changing 

compliance requirements. Therefore, organizations 

require strong governance mechanisms, including 

human oversight, accountability structures, and 

explainability practices. Explainable AI approaches 

can increase stakeholder confidence by providing 

understandable reasoning behind automated tax 

decisions. 

TABLE.2. REGULATORY COMPLIANCE AND 

GOVERNANCE IMPLICATIONS 

Governance 

Requirement 

Importance 

Transparency Ensures understandable AI 

outcomes 

Risk management Controls potential AI-

related failures 

Human oversight Maintains accountability 

Explainability Supports regulatory 

acceptance 

The analysis suggests that responsible AI adoption 

requires balancing automation benefits with 

governance controls to ensure reliable and compliant 

tax operations. 

Organizational Benefits and Adoption Challenges 

Secondary evidence indicates that AI-enabled tax 

transformation provides significant organizational 

benefits, including improved operational efficiency, 

reduced compliance risks, and enhanced decision-

making capability. Automated processes reduce 

administrative workload, allowing tax professionals to 

focus on strategic activities. Improved data analysis 

also supports better identification of financial risks and 

opportunities. 

However, organizations face several challenges during 

AI adoption. Poor data quality can reduce system 

reliability, while limited employee skills may restrict 

effective utilization of advanced technologies. 

Additionally, governance complexity increases 

because organizations must establish policies for AI 

accountability, regulatory alignment, and ethical 

usage. 

TABLE .3. ORGANISATIONAL BENEFITS 

AND ADOPTION CHALLENGES 

Benefits Challenges 

Increased operational 

efficiency 

Data quality 

limitations 

Reduced compliance risks Skills and expertise 

gaps 

Improved strategic 

decisions 

Governance 

complexity 

Enhanced monitoring 

capability 

Regulatory 

uncertainty 

Overall, the findings demonstrate that AI-enabled 

enterprise tax modernization requires a balanced 

approach combining technological capabilities, 

intelligent integration, regulatory governance, and 

organizational readiness. While AI provides 

substantial opportunities for improving tax functions, 

successful transformation depends on addressing 

adoption barriers and establishing effective 

governance frameworks. 

V. CONCLUSION AND FUTURE 

DIRECTIONS 

Conclusion 

AI-enabled enterprise tax modernization represents a 

significant transformation opportunity by improving 

automation, integration, compliance monitoring, and 

strategic decision-making. This research demonstrates 

that intelligent tax frameworks can overcome 

limitations associated with traditional manual 

processes and fragmented information systems. 

However, successful adoption requires effective 

governance, explainability, regulatory alignment, and 
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organizational readiness. Through secondary analysis, 

the study highlights the importance of integrating AI 

capabilities with enterprise systems to create more 

adaptive and efficient tax ecosystems. Future 

advancements should focus on validating conceptual 

frameworks through practical implementations and 

industry-based investigations to enhance AI-driven tax 

transformation. 

Future Directions 

This research extends academic understanding of AI-

driven enterprise transformation by providing a 

conceptual perspective on intelligent tax ecosystems 

and their modernization pathways. From a managerial 

perspective, the findings assist tax leaders in 

understanding AI adoption requirements, governance 

considerations, and strategic planning approaches. 

Future research should focus on empirical validation 

of the proposed conceptual insights, detailed industry-

based case studies, and the development of AI 

prototypes to examine practical implementation 

opportunities. Such investigations can strengthen 

knowledge regarding responsible AI adoption and 

support continuous innovation in enterprise tax 

management systems. 
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  A I E T = f ( T C , I G , R G , O C )


  C I =   ∑  i = 1  n  E ᵢ


  R = L + A + S  


  D R = Q × R × V  


  C A = I L + E F + O C + C I  

